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Abstract

This paper is a preliminary study of the dynamiterdine auctions of Montblanc pens on eBay.
The author will then follow up with another papemwhich a larger sample size will be used and
a different statistical analysis technique will &pplied (Structural Equation Modeling). The
author in this research compared two sets of angtiauctions of new pens and auctions of used
pens and concluded that substantial differences seeexist between the two sets of auctions.
The author also looked at how the first online $#@ms to affect the number of bidders and the
number of bids in both auctions and concluded thatfirst bid in an auction seems to have a
very strong influence on the outcome of the auctiime shorter the time between the auction
start and the first bid, the higher will be the raenof bidders and the number of bids in the
auction. The author called this the “first bid etfe The research also showed that this
phenomenon is more evident in new pens versuspesesl These findings indicate that potential
buyers feel more confident in bidding on items ohick others have already placed a bid
because this ensures to a certain extent thatdimesold is a genuine and not a replica. This also
highlights buyers’ perception that used pens afier $a bid on then new ones that nowadays are
easily replicated. It is also clear from the reskdhat the relative value of the starting bid aas
much higher impact on the auctions for new pensugauctions for used ones again clarifying
that there are subtle difference in the way buggnsroach these two auctions. In this research
the author used the relative starting bid variab&tead of the traditional starting bid variable
that was used in previous research arguing thatvétlee of the starting bid is perceived
differently based on the perceived value of thenite the auction.

1) Introduction

Guth, Mengel and Ockenfélseported that “Internet transaction fraud is 18e higher than in-
store fraud.” Jin and Kafalso believed that “online fraud rate was sigaifity higher than the
fraud rate observed in corresponding offline tratieas.” This kind of fraud is especially
evident in auctions of expensive collectible itellke the Montblanc pen. Everyday many of
these pens are auctioned on eBay and a lot of these are replicas that are sold as genuine
pens. This is such a wide spread phenomenon thainder of guides have already been posted
on eBay to help potential buyers differentiate le=twa fake pen and a genuine one. Because of
this, the author believes that buyers would noryni@él more comfortable bidding on pens that
have already been bid on by other buyers becauseritiicates that the other bidders also
believe that the item is genuine and accordinglyivates the potential bidders to participate in
the auction and bid for the item.



2) Hypothesis

In this research the author introduces the foll@Mgpothesis:

Hypothesis 1: The shorter the time gap betweeratiotion start and the first bid, the more the
number of bidders in the auction.

Hypothesis 2: The shorter the time gap betweeratiotion start and the first bid, the more the
number of bids in the auction.

Hypothesis 3: The smaller the starting bid versiesproduct’s value, the more the number of
bidders in the auction.

Hypothesis 4: The smaller the starting bid versiesproduct’s value, the more the number of
bids in the auction.

Hypothesis 5: there will be no difference betwesadiand new pens in terms of hypothesis 1, 2,
3, and 4.

3) Literature Review

Bolton et al* investigated trust among Internet traders in caempmediated online markets such
as eBay and explained some of the challengesablegting Trust in such markets: transactions
on these platforms are characterized by asynchsactions of anonymous traders, operating at
spatially disperse locations. They then explaited in a medium of communication such as
Computer-mediated communication it is more diffi¢olsignal trustworthiness and to promote
cooperation that richer communication media suda@es-to-face communicatior.

According to Bolton et al.other challenges include the fact that is easieafouyer or a seller

to choose a trader identity other than one’s tdeatity, as well as the fact that lasting personal
relationships on Internet market platforms aredgirent. They then concluded that cyberspace
makes it particularly difficult to develop socialdaeconomic bonding that supports the
emergence of trust and trustworthiness in moretiom@l markets. Pavlou et &define

perceived uncertainty in a buyer-seller relatiopsds the degree to which the outcome of a
transaction can not be accurately predicted bytlyer due to seller and product related factors.
They then explained that uncertainty consists béisquality uncertainty (seller making false
promises, shirking or defrauding, and hiding iteetcharacteristics), and product quality
uncertainty (product condition not being as promisgoroduct quality being compromised).
They then identified four antecedents of perceiwecertainty in online buyer-seller
relationships: perceived information asymmetryrdez seller opportunism, information privacy
concerns, and information security concerns and pmeposed four uncertainty mitigating
factors: trust, website informativeness, produagdbpsticity, and social presence.

Highfill & O'Brien ® studied Bidding and prices for online art auctians concluded that a
number of variables significantly affected the nemof bids: a higher minimum bid decreased
the number of bids but the effect was small; abdils of the buy-it-now option decreased the
number of bids; a longer auction length increasdsd; lincreased shipping and handling fees
decreased bids by adding to the overall cost dateam, however, the effect was small. They also
concluded that an increase in the number of bgisfezantly increased the final sales price.

Song and Bak&rconducted a field study to elucidate critical fastthat determine sellers’ net
revenue in Internet auctions using two dataselistefnet auctions, one dataset for auctions of a



DVD and one for auctions of an MP3 player. Theyatoded that the buy-now option, number
of payment options, number of pictures, and nunobelelivery methods were found to be
significant predictors of outcome for the MP3 plagactions, but not for the DVD auctions.
Conversely, auction duration and feedback ratingsevfound to be significant in DVD auctions
but not in MP3 player auctions. They also identifiee potential role of the product type in
Internet auction research and concluded that ‘Gbisceivable that consumer electronics,
collectibles, and commodity-like items—to name oaffew types—may have specific sets of
variables that influence the final price they brargl the net revenue they are able to generate
when auctioned”.

3.3) Data Analysis

In this preliminary research, the author colledtédrmation from sixty two completed auctions
on eBay for Montblanc pens that ended between 28fand June 2% 2009. The sample
consisted of 39 auctions for used pens and 23angctor new pens. This information is readily
available by clicking on the “bid history” for endl@uctions on eBay (see Fig 1.). The following
criteria were used to select the sample:

1) The reserve price (if any) was met

2) The auction did not end by a Buy-Now option

3) There was at least one bid on the item and thecsuended in a sale of the item

Fig 1. Example of bids history for a used Montblaea
Itermnm number: 160342536632

WVINTAGE MONTBLAMNC 149 MEISTERSTUCK PIX FOUNTAIMN PEMN

wWinning
d  bid- Us $230.10

G 15 Jun-23-09 12:24:13 PDT
[E] This item has ended.

OI"I|'5I' actual bids {not automatic bids generated up 1o a bidder's maximum} are showr.
SAutomatic bids may” be placed days or hours before a Iisting ends. Leam more about
bidding.

Show automatic bids

Bidder Bid Amount Bid Time

69 ( 19 3% ) uUs $230.10 HJun-23-

09 09:01:34 PDT
umrd (6 ) uUs $227.60 09 b7 59-09 POT
STTs (236 3¢ ) US $182.00 08 G750t POT
uTTa (63 LS $165.00 08 150544 POT
s***s (236 3% ) Us $151.00 é;n6$?1_8.45 PDT
erre (782 3 ) US $121.00 PP —
i (5 ) US $115.00 e —
e*ve ( 782 ¢ ) US $101.00 A Bt
e"o (53 ¥ ) US $101.00 ‘[J)gnﬂ_;ll;_?'d[] POT
€TTo (53 i) US $76.00 09 A 1706 POT

hatp:/foffer.ebay com/wsl eBay ISAPLAI MViswBids&itern—=160342536632 (1 of 2) [6/30/2009 6:36:5% PM]



The following data was then extracted:
1) Starting bid
2) Winning bid
3) Number of bidders
4) Number of bids
5) Auction start date and time
6) First bid date and time
7) Auction end date and time

The author then subtracted the auction start thova the time the first bid was placed and called
this variable the “First bid time”.

It is important to note that the value of the stgrtbid in an auction is perceived differently by
the buyers according to the perceived value optioeuct itself. For example, a $10 starting bid
for a $10,000 diamond ring is different from a $t@ring bid for a $20 shirt. Accordingly the
value of the product needs to be considered whesstigating the effect of the starting bid on
the auction. To do this, the author will divide teiarting bid by the selling price in order to
create a new variable: the relative value of thetisig bid.

In this preliminary research, the author used tearsbon Correlation Coefficient to measure

correlation between the variables. Table 1. shovescorrelation between the variables for the all
the auctions of Montblanc pens.

Table 2. Correlation between variables for all dnetions

First bid time Relative value of the starting bid
Pearson Square of Pearson Square of
Correlation Correlation (R) Correlation Correlation (R)
Coefficient (r) Coefficient (r)
Number of -0.58678 0.344310768 -0.454971 0.206998611
bidders
Number of -0.52681 0.277528776 -0.398639 0.158913052
bids

As shown in the above table, the first bid time hdsigh correlation with both the number of
bidders and the number of bids. As expected, thaive value of the starting bid also has a
relatively high correlation with both the numberlmfiders and the number of bids. It is worth
noting though that the correlation between firgt bime and the two variables is stronger than
the correlation between the relative value of taet id and the same two variables.

The author then repeated the same steps for thi@r@sifor used Montblanc pens and the results
of the correlation coefficient are shown in table 2



Table 2. Correlation between the variables forahetions for used Montblanc pens

First bid time Relative value of the starting bid
Pearson Square of Pearson Square of
Correlation Correlation (R) Correlation Correlation (R)
Coefficient (r) Coefficient (r)
Number of -0.46409 0.215379528 -0.19669 0.038686956
bidders
Number of -0.40903 0.167305541 -0.109072 0.011896701
bids

It is evident from the table above that the cotrefes between the first bid time and the number
of bidders and number of bids are still very strevigle correlations between the relative value
of the starting bid and the same two variables tnecsubstantially weaker.

The author again repeated the same steps for thi@rsifor new Montbalnc pens and the results
of the correlation coefficient are shown in table 3

Table 3. Correlation between the variables forahetions for new Montblanc pens

First bid time Relative value of the starting bid
Pearson Square of Pearson Square of
Correlation Correlation (R) Correlation Correlation (R)
Coefficient (r) Coefficient (r)
Number of -0.74161 0.549985392 0.7228881 0.522567205
bidders
Number of -0.68902 0.47474856 0.630036 0.396945361
bids

It is evident from the table above that the cotretes between the first bid time and the number
of bidders and number of bids are even strongérarcase of new pens and the same is true for
the correlations between relative value of starbitband the same two variables.

4) Conclusion and Recommendations

This research aimed at validating five hypothesgsafier analyzing the data it became clear that
although there seems to be a significant correidbetween the first bid time (the time the first
bid was placed minus the auction start time) artti bee number of bidders, and number of bids
and again between the relative value of the sl and both the number of bidders and
numbers of bids, the strength of those relatiorsskgem to vary considerably based on the item
sold being used or new.

It is evident that the effect of the relative vahfahe starting bid on both the number of bids and
the number of bidders is much weaker in used pan8oas versus new pens auctions, which
leads one to believe that in the case of used prny®Ers are less sensitive to the value of the
starting bid as long as other bidders have alrdadyon the item. The same can not be said



though with regards to auctions of new pens. ltmseéhat in the latter case, buyers are more
cautious and accordingly rely more on the relatiakie of the start bid and again feel much
more comfortable bidding when somebody else haadyr bid on the item.

Apart from showing the influence of the first bid the auction outcome (first bid effect), this

research also contributes to the literature in seoimclarifying the differences between auctions
of used versus new items especially in the casexpiensive collectible items that have

traditionally been counterfeited. This researclo atgroduces to the literature the concept of
relative value of starting bid which was used iis tiesearch instead of the starting bid variable
that was constantly used in previous researches.

In terms of practical implications, it seems evid#érat attracting the first bidder should be a
major goal for sellers as well as for auction s#esl so incentives for first bidders should be
provided, for example providing the first bidderthva small discount on the final selling price or
even providing small free gifts like a pen box, etc

5) Resear ch Limitations and Future Resarch

In this research the author only used sixty twotians which are considered a small sample
size. The researcher is currently collecting mames in order to improve the statistical

significance of the finding. In this research thethar also used the Pearson Correlation
Coefficient to measure correlation between the peddent variables and the dependent
variables. In a future research, the author wsk Structural Equation Modeling to discover
relationships between the variables and valida¢ehypothesis. Structural equation modeling
(SEM) is a multivariate technique that combineseatp of both multiple regression and factor
analysis to estimate a series of interrelated digese relationships in a simultaneous mafiner

SEM is very flexible because it can deal with a bemof regression equations simultaneously.
The same variable may represent a dependant warinbbne equation and an independent
variable in another equation.
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